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Tensor-based super-resolution algorithm for single image
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Abstract: Edge details of the image directly affect the visual quality of the image. In &:‘Q maintain structure

information of the image edges as much as possible, and then improve the
single image super-resolution algorithm was proposed. Firstly, the lo n

tensor, then the local characteristics of the 1nterp01at10n pomt

Finally, the gray values of the interpolation points were
show that the super-resolution method based on t ns%

performace better in Peak Signal-to-Noise R
geﬁdi
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