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Rule-based tagging method of Chinese ambiguity words

LI Huadong, JIA Zhen , YIN Hongfeng, YANG Yan
(School of Information Science and Technology, Southwest Jiaotong Univérsity)\ Chengdu Siehuan 610031, China)

Abstract: Concerning the low accuracy of tagging Chinese ambiguity words, a_combined tagging method of rules and
statistical model was proposed in this paper. Firstly, three kinds of traditional statistical nlodels, including Hidden Markov
Model (HMM), Maximum Entropy (ME) and Condition Randonf Felds( CRF), wefe used to tagging problem of the ambiguity
words. Then, the improved mutual information algorithm was applied to legtn Part Of Speech (POS) tagging rules. Tagging
rules were got through the calculation of correlation betwgern\the target werd§yand the nearby word units. Finally, rules were

combined with statistical model algorithm to tag CHimese ambiguitygwords, /The experimental results show that after adding the

rule algorithm, the average accuracy of POS tagging/fi¥omotes by§%*
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