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Gender identification of microblog users based on rough set
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Abstract: Concerning gender tendency hidden in microblog messages posted by mieroblog users, a novel approach based
on rough set theory was proposed to identify microblog user gender. In‘the\proposediapproach, a new Representation Model
based on Tolerance Rough Set ( TRSRM) was devised, which £an\effectively represent, gender characteristics of microblog

messages. The experimental results show that the accuracy rate of| the propogsed approach is 7% higher than frequency model

approach by testing messages of 1000 real microblog usezs)\ and’so the TRSRM achieves better recognition performance.
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