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Abstract: The objective of Blind Source Separation ( BSS)¢isstosrestore the unobservable source signals from their mixtures
without knowing the prior knowledge of the mixing process\N%s comsidered that the potential source signals are spatially
uncorrelated but temporally correlated, i.e. they havednon-vanishinghdemporal structure. A second-order statistics based BSS
method was proposed for such sources. The robust prewhifening(was™irstly performed on the observed mixing signals, where the
dimension of the sources was estimated based on tHeyMinimy, Description Length (MDL) criterion. Then, the blind separation
was realized by implementing the Singular ValuePecomposition (SVD) on the time-delayed covariance matrix of the whitened
signals. The simulation on separation of a group ofgspeeeh signals proves the effectiveness of the algorithm, and the performance
of the algorithm was measured by Signal-to-Interfererice Ratio (SIR) and Performance Index (PI).
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