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Meta path-based dynamic similarity search in heterogeneous jfiformation network
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( College of Computer Science and Electronic Engineering, Hunan-Uwiversity, Chgnigsha Hunan 410082, China)

Abstract: The existing similarity search algorithms do not cousider the«titheractor. To address this problem, a meta
path-based dynamic similarity search algorithm named PDSim was\preposed fdr the heterogeneous information network. Firstly,
PDSim calculated the link matrix of object under the given uétapath~sltus obtained the instances ratio of meta-path between
different objects. Meanwhile, the differences of establishing time“were calculated. Finally, the dynamic similarity was
measured under the given meta-path. In multiple ihstanees of $hé)similarity search, PDSim kept up with the interest variation
of object which dynamically changed with time,\ Comipared @ith® the PathSim ( Meta Path-Based Similarity) and PCRW ( Path-
Constrained Random Walks) methods, the clustering acéuiacy of Normalized Mutual Information ( NMI) could be increased by
0.17% to 9.24% when applied to clustering. The expefimental results show that, compared to the traditional similarity search

algorithm based on link, the efficiency of dynamig similarity search and the satisfaction of user of PDSim are significantly

improved, and it is a dynamic similarity search algorithm for object changes with time.
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