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Target recognition method based on deep belief network
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Abstract: Aiming at improving the robustness in pre-processing and exiracting features sufficiently for Synthetic Aperture
Radar (SAR) images, an automatic target recognition algorithm for SAR images based on Deep Belief Network (DBN) was
proposed. Firstly, a non-local means image despeckling algorithm was proposed based on Dual-Tree Complex Wavelet
Transformation ( DT-CWT); then combined with the estimation of the object azimuth, a robust process on original data was
achieved; finally a multi-layer DBN was applied to extract the deeply abstract visual information as features to complete target
recognition. The experiments were conducted on three Moving and Stationary Target Acquisition and Recognition ( MSTAR)
databases. The results show that the algorithm performs efficiently with high accuracy and robustness.
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