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Abstract: In view of the problems that posture recognition based on vision requires a lot on environment and has low anti-
interference capacity, a posture recognition method based on predefined bone was proposed. The algorithm detected human
body by combining Kinect multi-scale depth and gradient information. And it recognized every part of body based on random
forest which used positive and negative samples, built the body posture vector. According to the posture category, optimal
separating hyperplane and kernel function were built by using improved support vector machine to classify postures. The

experimental results show that the recognition rate of this scheme is 94.3%, and it has good real-time performance, strong

anti-interference, good robustness, ete.
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