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Research and improvement of neuro-space mapping structure

YAN Shuxia”, ZHANG Qijun
(School of Electronic Information Engineering, Tianjin University, Tianjin 300072, China)

Abstract: In some cases, the difference of DC responses between the coarse model and devices is large, however the
nonlinear responses are similar. Concerning the complex modeling process, an improved Neuro-Space Mapping ( Neuro-SM)
structure was proposed. The capacitors and inductors were added on the traditional Neuro-SM model to constitute a new Neuro-
SM model. The DC component of the input signal was adjusted by the mapping network, but the AC component is independent
on the mapping network. The new model can improve the DC feature without changing AC characteristic and match the device
with a few optimization variables and simple mapping relationship. The simulation experimental results demonstrate that the
enhanced Neuro-SM model can make full use of the similar nonlinear responses between the coarse model and devices,
maintaining the accuracy of the model as well as simplifying the modeling process.
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