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Abstract: In the process of converter blowing state recoghition Based on flame image recognition, flame color texture
information is underutilized and state recognition rate still/heeds td” be improved in the existing methods. To deal with this
problem, a new converter blowing recognition method baged- on feature gf*flame color texture complexity was proposed. Firstly,
the flame image was transformed into HSI color space, apd was nonuniformly quantified; secondly, the co-occurrence matrix of
H component and S component was computed in order/to fuse colominformation of flame images; thirdly, the feature descriptor
of flame texture complexity was calculated Wing Color cofocOwrténce matrix; finally, the Canberra distance was used as
similarity criteria to classify and identify/%lowing stat€\ Thé experimental results show that in the premise of real-time
requirements, the recognition rate of the.proposed, mgthdd\s increased by 28.33% and 3.33% respectively, compared with
the methods of Gray-level co-occurrence matrix and gray differential statistics.
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