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Abstract: Traditional supervised relation extraction demands a large scale of manually annotated training data while semi-

supervised learning suffers from low recall. A self-supervi
relationships. First, semi-structured information ( famnil;

automatically generate annotated training data. Then &

d learnin

based approach was proposed to extract personal family

relation triples) was mapped to the free text in Chinese Wikipedia to

ily relations between person entities were extracted from Wikipedia

text with feature-based relation extraction method. The experimental resulis on a manually annotated test family network show

that this method outperforms Bootstrappi
extract personal family relationships.
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F1-measure of 77%

implying that self-supervised learning can effectively

dpedia; semi-siructured information; relation extraction
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(sitle text, ib,tp,C) , B 4 22 B A v (9 — 4> T iy 45 R
(Title) \1F 3¢ (Text) . {8 B & (Infobox) | 4% ( Template) , 2&
AU ( Category) 55 5 MERGIHE A o 45 SCR B A PRI 9 i,
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W MERZ RN F A LR 22 M. 0 LA o
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1) 3 F 5k £ ( Parents-Children , P&C) ;

2) BCH 55 % (Spouse, SPO) ;

3) SLARHH IR Z (Sibling, SIB)

4) %R 7B K Z (Collateral Relatives, COL) 5

5) #H#h 3 % ( Grandparent and Grandchild , GP&C) ;

6) #iZR K A (Affinity, AFF) .
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—RERMR WA BEE R EIERIES], TRTE LL/5 & 7 A 1R
ARG R A BEHLMAE AT 2 B, E SIS P E A 20%
MR

R1 6 EREXRMIEGERASILG

et HE B B %
P&C 6010 64.7

SPO 2415 26.0

SIB 640 6.9

COL 35 0.4
GP&C 65 0.7

AFF 125 1.3
Bt 9290 100.0

3) BIES S, HHE.

T BB SR UL, S B B AR A R — A 2 G R Y
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£4 S,
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TR A LR E 5K R SRR IR KA, B — 2%k
W00 8 SCRAE AT T B kA R RIME — R S A — A
HBl s 5 MM & CRISIEGIES S, Pl A% — AW
B ZIMINY AL 5 6 R, M X MR

AN ERBSL, R B8 A Pl 240 % — E B IR A (f ]k
FELLBIZ 1. 9% ) AR SE BURAR 5 S, A0 % 140717 S5 41 fAl , inj
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L4 SHE®E

AR S BRI 28 R T A SEART BT ARE S 48
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1) ALk € 5 € [ 4RI R S

2) NPtk e, 5 e, IR THIEERS;

3) NWISEMK e HERBERF R r iREER

4) NYISEAR e, HSREERF RS r MIFIEE;

5) NP e HIRTS AN

6) ANWELK e, BT 5 A1l
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2.1 ZWigH

A M R e 9 1E B 5 A AR N GRTE R, 43 2R
PRI 5 A M R A R v o A A T S
B H1L(Support Vector Machine , SVM) 43-25%% SVM-Light 1450
32548 SVM-Multiclass., PEAEFRHER B # MR R PG
R AR ARIEIE F1 IR TEB R BB R, i TR
BOSHRAR A B AR, SR PR A MR PR
2.2 PEBIK

HEIR R EAE D B s A M IE GRS S, Flf b4

B S, T 5 ARZ LB IE B9 SR W AS B 3 AR B 932 HL BB T
T IE S ) LBl 7= B A (IE: 2001 15) , AR SO YN 4k
B P i SR T BEALCRATE 9 07 35, T 348 o RO TE 68 L 451
R HHR AR EL: 15, SIS SRR, Y& 10 IE 7 6
Lol 3 i, NERIIA B RE BT, R 2 G T FLE
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KREKH TR B ER F1
P&C 78.0 78.8 78.4
SPO 53.4 51.3 52.3
SIB 55.4 31.1 39.8
COL 0.0 0.0 —

GP&C 17.7 16.9 17.3
AFF 3.8 4.0 3.9
T 68.3 66.6 67.2
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80% ,F1 158 249°K 7% o
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RGBT TN IR MR ERR LGRS,
SRE TS SE B S AR T R R R M 4 S AL
PER DR FTAR4E R . WIRMEREANZR 4 Fi7R

x3 BEEAFEEMBIEPHER %

KRRBE MEPLEE R Yo F1
P&C 189 75.6 88.4 81.5
SPO 28 93.8 67.9 78.8
SIB 31 90.0 58.1 70.6
COL 4 0.0 0.0 —

GP&C 15 75.0 33.3 46.1
AFF 0 — — —
T — 78.0 76.6 77.3

x4 ERRFENSE DR %

KRRBE MEPLEE R Yo F1
P&C 189 88.9 6.7 12.5
SPO 28 0.0 0.0 —
B&S 31 0.0 0.0 —
COL 4 0.0 0.0 —

GP&C 15 16.7 7.1 10.0
AFF 0 — — —
T — 60.2 5.0 9.2

\3
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BETICANREIZN. X2 T B2 R LIUER
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3 &

ASCHET A M Ui MR SO A R
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