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Abstract: The performance of the Graph-based Semi- <>sid Learning ( GSSL) method based on one graph mainly
depends on a well-structured single graph and most al, ased on multiple graphs are difficult to be applied while the
data has only single view. Aiming at the issue, a Cr ransductlon via Alternating Minimization method based on Multi-
Graph (MG-GTAM) was proposed. Firstly, using N rent(graph construction parameters, multiple graphs were constructed
from data with one single view to represent data\peint relation. Secondly, the most confident unlabeled examples were chosen
for pseudo label assignment through the integration,of a™plurality of map information and imposed higher weights to the most
relevant graphs based on alternating optimization, Which optimized agreement and smoothness of prediction function over

multiple graphs. Finally, more accurate labels were given over the entire unlabeled examples by combining the predictions of

all individual graphs.
Harmonic Functions ( GFHF),
(CGL),

classification error rate.

Compared with thef glassical algorithms of Local and Global Consistency ( LGC),
Gragh \Transduction via Alternation Minimization ( GTAM),

Gaussian Fields and

Combined Graph Laplacian

the classification error zates* of MG-GTAM decrease on data sets of COIL20 and NEC Animal. The experimental
results show that the proposed‘\method can efficiently represent data point relation with multiple graphs,

and has lower

Key words: Graph-based Semi-Supervised Learning ( GSSL); graph transduction; graph construction; multi-graph;

alternating minimization
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