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Evolutionary data stream clustering algorithm based ‘on
integration of affinity propagation-and density
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Abstract: To solve the problems that the data stream outligrsican’not be dispgsed well, the efficiency of clustering data
stream is low and the dynamic changes of data stream canfnot.be|feal-timé detected, an evolutionary data stream clustering
algorithm based on integration of affinity propagation andydénsity ( I-APDenStream) was proposed. The traditional two-stage
processing model was used in this algorithm, namely, online and offline cheStering. Not only the decay density of micro-cluster
which could represent the dynamic changes of data'sfréam and deletion mechanism for online dynamic maintenance of micro-
cluster were introduced, but also the outliers’detection and simplification mechanism for model reconstruction by using the
extended Weight Affinity Propagation  WAP) e¢luster @as\utroduced. The experimental results on two types of data sets
demonstrate that the cluster accuracy, of the propofedNalgorithm remains at above 95%, and also achieves considerable

improvements with respect to the purity compared to other algorithms. The proposed algorithm can cluster the data stream with

high real-time, high quality and high effigfency.
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