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Abstract: For the entity recognition of commeodity attributés_in clothing cowmniodity title, a hybrid method combining
Conditional Random Field ( CRF) with entity boundary detecting Yules was proposed. Firstly, the hidden entity hint character
messages were obtained through a statistical method}\ secondly) statistieal word indicators and their implications were
interpreted with a granularity of character; thirdly, entityNboundary detedting rules was proposed based on the entity hint
characters and statistical word indicators; finallyl{4 méthod for identifying threshold values in rules was proposed based on
empirical risk minimization. In the comparigop expériments wath character-based CRF models, the overall precision, recall
and F1 score were increased by 1. 61%,,2.54% and @,08% respectively, which validated the efficiency of the entity
boundary detecting rule. The propdsed method canwbe “used’ in e-commerce Information Retrieval ( IR), e-commerce
Information Extraction (1E) and query intehtion fidentification, etc.
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