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LIBSVM-based relationship recognition method for adjacent sentences, containing ‘‘jiushi”
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Abstract: Aiming at the low accuracy caused by the phenomenion of gule weight weakening from iterations of machine
learning when judging the sentence relationships by applying rulés and machine learning methods, the method of strengthening
the imported obvious rule characteristics in the predess of\¢ombiningsritlés and machine learning was proposed. Firstly, these
specific characteristics that having obvious rulesdguel/ as dependengysvocabulary, syntax and semantics information were
extracted; secondly, universal characteristies were gxtracted based on these words that could indicate relationships; then, the
characteristics were written into the data vectér\that to be imput, Jand another dimensional vector was added to store the obvious
rule characteristics; Finally, rules and machine leasniggs methods were combined with LIBSVM model to perform the
experiment. The experimental results Show that(the decuracy rate is averagely 2% higher than that before strengthening the
characteristics, and all kinds of relationships’ aceuzate rate, recall rate and F1 value show good results as a whole, their
average values achieved 82.02%, 88.95% and 84.76% . The experimental ideas and methods are important for studying the
compactness of adjacent sentences.
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