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Abstract: Since tracking pedestrians with car driving is sti
method based on road environment context was proposed. Fiw

algorithm based on the path model was proposed for st
mixed with vehicles was introduced. Finally, the ﬁid
c

compared with discrete-continuous tracking @g

lﬁity, Beijing 100191 AChina)
p: 5‘:; i mpldtisebject tracking, a pedestrian tracking

e anflysis)of road environment context, an interaction

otiomfprediction, then the model of pedestrians pedestrians

s applied Ipedestrian tracking. The experimental results show that

., Multiple\@bject Tracking Accuracy (MOTA) of the proposed algorithm

grows from 47.6% to 63.2% and Multiple Objedt Tragking Precision ( MOTP) grows from 68. 8% to 74.3% . The resulis

prove the effectiveness of road environment ¢ghtext 10 improve the pedestrian tracking effect in mixed vehicle scene.
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