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e tiyfz watefibody by using remote sensing image, a method was
o2 \n\\ der (SAE}) ¢’ A deep network model was built b-y stacking s;?a-rse
-//}:; la}fe.rmse approach. Features were .ltlealrnt without super.mswn

ods’sich as 4raditional neural network needed artificial feature analysis and

supérvisiofi, by) using the learnt features and corresponding labels. Back
<tuné and optimizenthe whole model. The accuracy of SAE-based method reaches

+ data t0, do)the experiment, which is 3.28% and 4. 04% higher than that of

Support Vector Machine (SVM) and BP neural Wetwbrk separately. The experimental results show that the proposed method

can effectively improve the accuracy of water body extraction.
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