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Abstract: With the widespread application of the data flow, the abnormal data detection problem in data flow has caused
more attention. Existing Kalman filtering algorithms need small amount of historical data, but they only apply to single
abnormal point detection. The effect to complex continuous outlier points is poor. In order to solve the problem, a Kalman
filtering algorithm based on multidimensional impact factors was proposed. The algorithm joined the three dimensions of impact
factor as space, time, provenance as well. In case of different weather and flood season, the algorithm adjusted the conirolling
parameters of system model parameters, and got a more accurate estimate of measurement noise. The detection accuracy of the
algorithm could be improved significantly. The experimental resulits show that under the premise of guaranteeing similar
running time, the detection error rate of this algorithm is far lower than Amnesic Kalman Filtering ( AKF) and Wavelet Kalman
Filtering ( WKF) algorithms.
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