Journal of Computer Applications

HEAE A, 2015,35(11):3293 -3296

ISSN 1001-9081
CODEN JYIIDU

2015-11-10
http: //www. joca. cn

WEHS :1001-9081(2015)11-3293-04

doi;10. 11772/j. issn. 1001-9081.2015. 11. 3293

MAEREEEFRITALERRR

5 3%, T4
(IRBUKRZ B T5 K 2B, 2l 430072)
( * EIE1EHE B THEFS magianghb@ 126. com)

B ATATURELENAARERRLE PEEFELEETREX, Lk 2] BARM B ARG R, R
#— ARG ARALE B SR YR T BB 3 (AR X (SF-LBP) 69 T AL BAAER BRI k. RAZ T ARAR
F A ERIRE SRR B SH 5O B HER T REH LE B TR S 47 AL B ARARAE A S 20 Bk
&, £ BT SF-LBP T ey ief B B AR AR RBRAFEGE, BRHELF B RG 445 AER AdaBoost 4
EEMEZEBTFSHATEE, INRIA HBE P# 284 R B+, SF-LBP s 4e 2400 £ 75 £ E B & 35 B (HOG) 4
4 Haar 45 4E% h 2% ~3% ,i5 2] 97% , B @ &k 8| 90% 325 T 2% A4 , %% SF-LBP H-F 4% /& s R AT A5
BREAE B B AT AR R G A R,

L BEB AT HHF IR AE; B R K RIEIR ; AdaBoost 5% B AT A

RESKE: TP391.4  THEIRED:A

Pedestrian texture extraction by fusing significant factor

MA Qiang~, WANG Wenwei
(School of Electronic Information, Wuhan University, Wuhan Hubei 430072, China)

Abstract: The algorithm of extracting pedestrian features based on texture information has the problems of redundant
feature information and being unable to depict the human visual sensitivity, an algorithm named SF-LBP was proposed to
extract pedestrian texture feature by Significant Local Binary Pattern which fuses the characteristics of human visual pedestrian
system. Firstly, the algorithm calculated the significant factor in each region by saliency detection method. Then, it rebuilt the
eigenvector of the image by significant factor weight and pedestrian texture feature, and generated the feature histogram
according to local feature. Finally it integrated adaptive AdaBoost classifier to construct pedestrian detection system. The
experimental results on INRTA database show that the SF-LBP feature achieves a detection rate of 97% and about 2% -3%
higher than HOG ( Histogram of Oriented Gradients) feature and Haar feature. It reaches recall rate of 90% and 2% higher

than other features. It indicates that the SF-LBP feature can effectively describe the texture characteristics of pedestrians, and

improve the accuracy of the pedestrian detection system.
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