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Review helpfulness based on opinion suppert of user discussion

LI Xueming, ZHANG Chaoyafig 4 SHE Weijun
( School of Computer, Chongqing University, Chongqing 400030, China)

Abstract: Focusing on the issues in review helpfulnessfrediétion methods that traiping datasets are difficult to construct
in supervised models and unsupervised methods do not take ‘sentiment information in tofaccount, an unsupervised model
combining semantics and sentiment information was (propased., Firstly, opinion, helpfulness score was calculated based on
opinion support score of reviews and replies, and thefi review helpfulness score wds galeulated. In addition, a review summary
method combining syntactic analysis and imprdved Latent Dirichlet Allocation ( LDA) model was proposed to extract opinions
for review helpfulness prediction, and twodkinds/of\constraint conditionswnataed must-link and cannot-link were constructed to
guide topic learning based on the result of@yfidctic analysis, which'ean improve the accuracy of the model with ensuring the

recall rate. The F1 value of the proposed model'is 70% and the sorting accuracy is nearly 90% in the experimental data set,

and the instance also shows that the proposed médel has good ‘explanatoiy ability.
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