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Abstract: Domain-specific term recognition methods based on statistical distribution characteristics neglect term
semantics and domain feature, and the recognition result are unsatisfying. To resolve this problem, a domain-specific term
recognition method based on word embedding and Conditional Random Field ( CRF) was proposed. The strong semantic
expression ability of word embedding and strong field expression ability of similarity between words and term were fully
utilized. Based on statistical features, the similarity between word embedding of words and word embedding of term was
increased to create the feature vector. term recognition was realized by CRF and a series of features. Finally, experiment was
carried out on field text and SogouCA corpus, and the precision, recall and F measure of the recognition results reached

0.9855, 0.943 9 and 0. 964 3, respectively. The results show that the proposed method is more effective than current

methods.
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