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Abstract: The existing resource allocation strategy has long resource adjustment cycle and cannot sufficiently meet the
individual needs of different applications and users when Spark Streaming is selected as stream processing component in hybrid
large-scale computing platform. In order to solve the problems, a Dynamic ResGurce Allocation strategy for Multi-application
(DRAM) was proposed. The global variables were added to control the dynamic) resource allocation process in DRAM. Firstly,
the historical data feedback and the global variables were obtained.,“Tler, whether increasing or decreasing the number of
resources in each application was determined. Finally, the, inciease or decrease of resources was implemented. The
experimental resulis show that, the proposed strategy can effectively adjust the resource quota, and reduce the processing delay

compared with the original Spark platform strategies stich as Streaming and Core under both cases of the stable data stream and

the unstable data stream. The proposed strategy‘ean also improve the utilization rate of the cluster resources.
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Hrd BRI
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2) Ratios = T1/bd;
3) if Ratios = sur then
4) NumEA < (maxNum - ctn) * ar;
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10) end if
11) endif
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