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Compressed sensing based data gathering in wireless sensor networks: a survey
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Abstract: In order to have a comprehensive understanding and evaluation for the Compressive Data Gathering ( CDG) in
Wireless Sensor Network ( WSN), a systematic introduction to the related research results at home and abroad so far was
made. Firstly, the establishment of the frameworks of CDG and improved methods was introduced. Secondly, according to the
transmission modes of WSN and Compressed Sensing ( CS) theory respectively, the various methods of CDG were elaborated by
classification. Then the problems of adaptation and optimization of CRG/\the application of CS combined with other methods,
and some examples of practical application were illustrated. Finally)\ the disadvantages in CDG and the development directions
of CDG were pointed out.

Key words: Wireless Sensor Network ( WSN) ; (Compressed Sensing ( CS); data collection; routing; sparse projection

AW B 3k

0 3%

TCRAL B M 4% ( Wireless Sensor Network, WSN) £ B 3
W EPR R IR .l TR SR BRI EAE A I A A
KM, W R R R AN BLE B HE 5 B AR M AN FT R 4E 1
Sl , BAL AR S BIE A PR IR S MR IR K, TR
F 48 BB SR 7 51, SRS R 2 e, B, R T R4
B WSN BHRIEE AR T T B L RAM IZ R

Bl 1 TCERG RS W A B LR A
Fig. 1

Composition structure of WSN
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Fig. 2 Compressive data gathering in a multi-hop route
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