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Abstract: To suppress judgment one-sidedness in the existing bearing fault di , a bearing fault diagnosis

method based on Gibbs sampling was proposed. Firstly, the bearing vibration signalQgas Becomposed by Local Characteristic
Scale Decomposition { LCD) to obtain Intrinsic Scale Components ( ISC). $fc
from the bearing vibration signal and ISC, and the time domain featur@

top ranked features were selected to make up feature sejs.

ly,gthe time domain features were extracted
ed according to feature sensitivity level. The

ure set training was used to generate a multi-

dimensional Gaussian distribution model based on Gibbs Finally, posterior analysis was used to obtain the

diagnose rolling bearing faults, and jal
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Fig. 1 Relationship between accuracy of diagnosis and features
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Fig. 4 Diagnostic accuracy comparison of two algorithms
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