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Abstract: For the images with dense repetitive strucigre,
matches, resulting in obvious ghosting in final image and higlRi sumption. To solve the above problems, a fast stitching
method for dense repetitive structure images was propgse basg Grid-based Motion Statistics ( GMS) algorithm and optimal

g poifits were extracted from the overlapping regions. Then, the

algorithms will lead to a large number of false

seam algorithm. Firstly, a large number of co
GMS algorithm was used for precise matchin transformation model was estimated based on the above. Finally, the
dynamic-programming-based optimal gea ithm was adopted to complete the image stitching. The experimental results
show that, the proposed method vely stitch images with dense repetitive structures. Not only ghosting is effectively
suppressed, but also the stitching tim&is significantly reduced, the average stitching speed is 7.4 times and 3.2 times of the
traditional Scale-Invariant Feature Transform ( SIFT) and Speeded Up Robust Features ( SURF) algorithms respectively, 4.1
times as fast as the area-blocking-based SIFT algorithm, 1.4 times as fast as the area-blocking-based SURF algorithm. The
proposed algorithm can effectively eliminate the ghosting of dense repetitive structure splicing and shorten the stitching time.

Key words: image stitching; Grid-based Motion Statistics ( GMS) algorithm; precise feature matching; optimal seam;

image fusion
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Fig. 1 Flow chart of the proposed method
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Fig. 4 Schematic diagram of RANSAC algorithm
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Tab. 1 Objective indicator comparison of different methods for
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