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Handwritten digit recognition based on Adaboost

ZHAO Wan-peng, GU Le-ye
( Chengdu Institute of Computer Application, Chinese Academy of Science, Chengdu Sichuan 610041, China)

Abstract: A handwritten digit recognition system based on Adaboost algorithm was introduced in this paper. Adaboost

could construct a highly accurate classifier by combining many weak classifiers that just had slightly better accurate than

random prediction. Experiment proved that the handwritten system based on Adaboost have low error rate and good ability of

generalization. And it was integrated in a ocr software.
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