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Abstract: A new network intrusion detection model was proposed. Based on the model, the currently data packet was
integraed with historical data packet to process a protocol analysis, then the data packet that correlated with possiblely intrusion
affair could be found out. The multilayer forward neural network was used to process a regression analysis to such data packets

and got the results of intrusion detection. With the new model based on multiple data packet, the missed rate of traditional

network intrusion detection system was decreased.
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