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A new filtering method based on spatial clustering

ZHAO Hong-rui, TANG Zhong-shi
( Department of Civil Engineering, Tsinghua University, Beijing 100084, China)

Abstract: Some traditional image filters may lose detailed spatial information while controlling noise. The remote sensing
image cluster algorithm was introduced and improved, and then a spatial clustering method was presented. Spatial clustering
method was helpful to distinguish and protect the image spatial patterns, and was used to separate louder noise that affected the
image visual effect. Based on the separation of noise points set (NPS) and signal points set (SPS), NPS was filtered and SPS
was fused with weighted averaging method. The result shows that new filter based on spatial clustering technique can remove

the image noise. Furthermore, it can protect unpolluted detailed spatial information as much as possible. Better filtering result

is got on the case of multi-noise.
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Mean 19.80 26.10 19.72 26.88 11.54 7.886 19.78 26.13 19.87
ik RMSE  MAE  PSNR Wiener  17.32 34.71 21.10 28.85 9.19 6.896 17.52 33.90 21.17
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