% 26 %% 10 A AL A Vol. 26 No. 10
2006 4 10 A Computer Applications Oct. 2006

LS :1001 - 9081(2006) 10 — 2440 - 04

—METR SVM W& EZS & %

ERAHER, ZEN, KRER
(RELRKE $HER,%H =R 713800)
(‘afeu_w@ yahoo. com. cn)

W E. AW LFAEN(SVM) FHRIFA KKT FH AR LR X ZOEBE 2T
A ARG AT SV 69 Frh, X T ) XL KKT &4, AT RINGHAEFH N AERE LN
BINGFRALFR R T 3709 SVM ¥ 25 J ik, F R AR RKRE RS £ 0 R X #
AHFAHRETEAEZS REENHR, IFEREEGZRERKNA, FERT T EIFe Mk,

KEWR: XHQEN;HEFT

MESEKS: TPIS  TEIRIREG:A

New algorithm for SVM-Based incremental learning
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Abstract: Based on the analysis of the relation between the Karush-Kuhn-Tucker (KKT) conditions of Support Vector
Machine( SVM) and the distribution of the training samples, the possible changes of support vector set after new samples are
added to training set were analyzed, and the generalized Karush-Kuhn-Tucker conditions were defined. Based on the
equivalence between the original training set and the newly added training set, a new algorithm for SVM-based incremental

learning was proposed. With this algorithm, the useless samples were discarded and the useful training samples of importance

were reserved. Experimental results with the standard dataset indicate the effectiveness of the proposed algorithm.
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