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Research on QPSO algorithm in image compression
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Abstract: In order to decrease the space complexity of image storage and transfer, it is necessary to do image
compression. Therefore, how to apply Quantum-behaved Particle Swarm Optimization ( QPSO) to image compression was
studied in this paper. During the compression process, an ordered representation of image was first obtained, and then the
compressed code was optimized according to the particles astringency. Experimental results show that the compression
efficiency of QPSO algorithm is much better than Genetic Algorithm ( GA) .
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