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Feedforward neural network learning algorithm
based on bi-phases weights’ adjusting
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Abstract: A novel learning algorithm for feedforward neural networks was presented, which adjusts the weights during

both forward phase and backward phase. In the forward pass, the least norm square solution is calculated as the values of the

weights between the hidden layer and output layer, while the weights connecting the input layer to hidden layer are modified

according to error gradient descent method during the back-propagation pass. The training algorithm adjusts different weights of

the neural network during both passes, so it converged quickly and generalization ability can be improved due to the least norm

square solution. The experimental results show that the new algorithm can produce good performance compared to Levenberg-

Marquardt BP algorithm.
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