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Abstract: The missing of the sensing data is inevitable due to the inherent charagteristic of Wireless Sensor Network

(WSN), which affects various applications significantly. To solve the problem, an (estimation algorithm for missing values

values of attribute-correlated sensing data. Meanwhile, a data int

transplitting strategy was proposed to improve the

based on attribute correlation of the sensing data was proposed. The gu'%%e regregsion model was adopted to estimate missing

robustness of the algorithm. The simulation results show that

more accurate and reliable than some algorithms based ong
(LM) algorithm and the traditional Nearest Neighbor 1
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