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Abstract: Focusing on the problem of poor memory in long sentences and the 1 @words’ influence in semantic
relation extraction, an Attention based bidirectional Neural Turing Machine ( Ab-NEM) el was proposed. Instead of a

Recurrent Neural Network ( RNN), a Neural Turing Machine ( NTM) w;
(LSTM) network was acted as a controller, which contained larger

memories than the RNN. Secondly, an attention layer was L§ed gsong %e context information on the word level so that the
model could pay attention to the core words in sentences. Fin %

the SemEval-2010 Task 8 dataset show that the propodd r&outperforms most state-of-the-art methods with an 86. 2%
L 2

; semantic relation extraction; Recurrent Neural Network ( RNN);

F1-score.
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Fig. 1 Architecture of the proposed model
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Fig. 2 Architecture of neural Turing machine
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Fig. 3 Architecture of word-level attention layer
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