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Abstract: The large number of duplicate images in the database not only affects the performance of the learner, but also
consumes a lot of storage space. For massive image deduplication, a duplicate detection algorithm for massive images was
proposed based on pHash ( perception Hashing) . Firstly, the pHash values of all'images were generated. Secondly, the pHash
values were divided into several parts with the same length. If the values of one of the pHash parts of the two images were
equal to each other, the two images might be duplicate. Finally, (the tfansitivity of image duplicate was discussed, and
corresponding algorithms for transitivity case and non-transitixity dase were proposed. Experimental results show that the
proposed algorithms are effective in processing massive images.e When the similarity threshold is 13, detecting the duplicate of
nearly 300000 images by the proposed transitive algetithm®only takes about two minutes with the accuracy around 53% .
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