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nverted into similar vectors. If

Abstract: When using word embedding method for word-to-vector, two anton@
they are sentiment words, it will lead to the loss of sentimental information, h is_urlfeasonable in sentiment analysis task.
To solve this problem, a method of adding sentiment vectors to obtai 1t ormation based on word embedding was

ntMlexicon, and combined with word vector obtained

proposed. Firstly, the sentiment vector was constructed by gsin sen
by word embedding method. Then, a bidirectional Long S Memory ( BILSTM) network was used to obtain the

characteristics of text. Finally, the sentiment of text Wgs clafified. Experiments of the proposed method and the method

without fusing sentimental vector were carried r Jatafets. The experimental results show that the classification

accuracy and F1 score of the proposed meth r than those of the method without fusion, which indicates that adding
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Fig. 1 Network structure of two fusion methods
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Tab. 3 Experimental results of different models
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CNN 0.9119 0.9149 0.8297 0.8439 0.8879, @1 0.9158 0.9177
BiLSTM 0.9317 0.9313 0.8645 0.8809 0. 891@ . 9230 0.9294 0.9322
M-BiLSTM1 0.9379 0.9368 0.8777 0.8903 . 904 0.9327 0.9390 0.9397
M-BiLSTM2 0.9367 0.9360 0.8723 0.8843 @@ 0.9336 0.9360 0.9373
HN-ATT 0.9365 0.9359 0.8732 0.88 19114 0.9357 0.9384 0.9390
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Fig. 2 Accuracy-epochs changes of different models
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Tab. 4 Experimental results of sentimental resources and vector dimensions
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